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Abstract In recent years, it has been getting more difficult to detect malware by a
traditional method like pattern matching because of the improvement of malware.
Therefore machine learning-based detection has been introduced and reported that it
has achieved a high detection rate compared to a traditional method in various research.
However, it is well-known that the accuracy of detection significantly degrades against
data that differ from training dataset. This study provides a method to improve accuracy
of detection by filtering evaluation dataset based on similarity between evaluation and
training dataset.
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{
"method" : "minhash",
"parameter" : {
"hash_num" : 64
},

"converter" : {
"string_filter_types" i},
"string_filter_rules": [I,
"mum_filter_types": {},
"num_filter_rules" [I,
"string_types": {},
"string_rules": [
{"key":"*",  "except""api_call", "type":"space",
"global_weight""idf", "sample_weight""bin"},
{"key""api_call",
"global_weight": "idf", "sample_weight" : "log_tf"}
]’
"num_types": {},
"num_rules" [{"key" : "*", "type" : "num"}]
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